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ARE WE RIDING A WAVE?
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THE GARTNER HYPE CYCLE
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HYPES AND ADOPTIONS IN UK POLICY 
DURING THE LAST DECADE
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PROMISES
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• Unleashing creativity

• Unlocking jobs

• Multiplying productivity

• Transforming economies

• Reshaping labour market skills

• Boosting investment

• Supporting policy goals

• Enhancing better spending

• Securing the country
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COMMON PHRASES ABOUT AI IN MEDIA
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EVIDENCE ON AI’S IMPACT IS MIXED
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• Ask questions

• Understanding one’s problems

• Knowing the data

• Understanding the ideas/epistemology 
behind methods

• Working around institutional constraints 
and incentives misalignments

• Avoiding pitfalls

• Seeing through illusions
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HOW TO NAVIGATE A SEA OF PROMISES?
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WHAT DO WE MEAN BY AI?
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Classification according to Russell & Norvig (2002)

Machine learning Agency Cognition Logic
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PITFALLS
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• Some common issues include bias reinforcement, hallucinations, poor replicability, lack of 
robustness, model drift ... 

• However, most of the important issues are not inherent to methods/models, but to wrongful or 
careless adoptions

• Task does not need the tool (overengineering)

• Data are not good or the tool is not meant to work with the data

• Hardware is not adequate

• Contracts are imperfect

• Skills are not ready

• Priorities are upside down

• Gains are marginal

• Changes in practice are not profound
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COMMON PITFALLS WHEN ADOPTING AI
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THE INCENTIVES CURSE
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• Most of the times, inadequate adoptions are 
not intentional

• Institutional constraints and incentives 
structures set the conditions for things to go 
wrong:

• Poor handover procedures

• Bad contracts

• Barriers to data access

• Overwhelming paperwork

• Prior commitments

• Limited understanding of the method/tool
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SO MANY THINGS CAN GO WRONG
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ILLUSIONS

Omar A Guerrero - oguerr.com



15

DISGUISED PITFALLS ARE NOT NEW
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• Not necessarily intentionally misleading

• Products designed for market demand but not 
necessarily for policy needs

• Overblown claims and demos are not representative

• Important details are often omitted

• Robustness

• Uncertainty quantification

• Training data

• The incentives curse may lead to overlook the 
illusions, event if one does not believe them
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ON THE ILLUSIONS
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• Public institutions should be held accountable for 
their policy decisions

• AI for policymaking should be subjected to the same 
principles of accountability and transparency

• The misalignment of incentives creates a mined field

• Seeing through the illusions can be challenging, 
especially without strong internal capacity

• Short vs long term vision

• Capacity building vs outsourcing

• Ability to discriminate between different technologies
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AI FOR POLICYMAKING
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A FRAMEWORK
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SOME QUESTIONS WE SHOULD BE ASKING

What kind of 

problem do I 

have?

What data do I 

possess?

What is the nature 

of the task? (admin, 

eval, forecast, 

measurement)

What knowledge do I 

have about the 

system that I wish to 

intervene?

What type of 

method(s) would 

be the most 

relevant/adequate?

How would 

AI change 

practices?

How feasible is 

adopting the 

chosen method(s)?
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Three dimensions to think about the adoption of AI in 

policymaking:

• Pace: Can some methods be adopted and deployed at a 

faster pace than others?

• Penetration: Can some tools achieve a deeper degree of 

penetration in public organisations in terms of how 

generalised is their adoption?

• Profundity: Can adoption translate into fundamental 

changes in the policymakers’ understanding of the world and 

everyday practices?
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THE 3PS APPROACH
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• All models have strengths and limitations

• More specialised models may provide a 

better understanding at the cost of a lower 

capacity to be socialised

• In the short term, movement in the 3P 

space is constraint

• Trade-off between pace of adoption, how 

broad is its penetration, and how profound 

is the change it produces on practices 
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THE 3PS SLIDE

pace

penetration

profundity

Pace ↓

Penetration ↓
Profundity ↑ 

Pace ↑

Penetration ↑
Profundity ↓ 
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• Problem: evaluating the impact of government 
spending on the SDGs (UNDP)

• Nature of task: measurement and evaluation

• Data: short time series on indicators and spending

• Potential methods: econometrics, machine 
learning, integrated assessment frameworks, 
CGEs, network analysis, agent computing

• Considerations: complex interdependencies, 
scalability, transparency, theories of change, data 
intensiveness, counterfactual analysis

• Best choice: agent computing
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EXAMPLE: AGENCY
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BEYOND FORECASTING
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POLICY TASKS ARE DIVERSE

policypriority.org
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• What is the nature of the task?

• Is the method/tool adequate?

• Are the data adequate?

• What pragmatic issues do I need to consider (e.g., 
computational resources, human capital, data access)? 

• How robust is the approach?

• How feasible is its training/calibration?

• What is the value for money compared to alternatives that 
show marginally lower performance?

• Can we exploit economies of scale?

• Positioning in the 3P slide is dynamic (there is such 
thing as right timing)

• Complexity of the method/tool does not determine the 
position in the 3Ps slide
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SOME USEFUL QUESTIONS
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• Successfully adopting AI and related tools 
is challenging

• While it is impossible to overcome all 
institutional constraints and incentives 
misalignments, asking the right questions 
can help in a substantial way

• As methods mature and are socialised, 
they move along the 3P slide, so there are 
good and bad times to adopt them

• The challenge is to always have internal 
capacity to ask the questions, avoid 
pitfalls, and see through illusions
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CONCLUSIONS
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THANK YOU
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